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Overview
Social media platforms have emerged as a significant source of public opinion, offering a massive user-generated data in which user-
opinions are valuable if obtainable. Large language models (LLMs) have been in the spotlight recently with suggestions on the
generalization abilities to solve tasks that are not explicitly trained for. Thus, this study explores the potential of utilizing LLMs for
opinion mining on social media data by asking LLMs difficult questions, instead of simply asking whether the text's sentiment
polarity is either positive, negative, or neutral. This study conducts experiments on topics from available public surveys. The results
indicate that it is promising, but also challenging, to utilize LLMs for the tasks.

Approach
q Mining opinion on data from Twitter (“X”), the largest public social media platform used in Japan,
q On topics from available public surveys, for example, stress during the COVID-19 pandemic, 
q Using large language models (LLMs).

Conclusion & Future Direction
ü Social media reactions have strong relationships with the typical events, for example, the COVID-19 pandemic.
ü Analysis results show promising potential for large scale social media analysis by LLMs on complex questions.
! Challenges remain in assessing the performance and reliability of LLMs.
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あなたは役立つアシスタントです。
以下の発言では発言者はどのストレスレベルを感じてたか？
「高」：極端にネガティブな感情、言語の緊急性と攻撃性、言語の断片性。
「中」：主にネガティブな感情。
「低」：ネガティブな感情が少ない。
「無し」：完全なリラクゼーション、幸福、喜び、満足などの極めてポジティブな感情が顕。
回答は必ずこの中から選べなさい：「高」、「中」、「低」、「無し」、「分からない」。

発言

なんか… この１年で自分が凄く老けた気がする…😱 コロナのストレスに…

高 

Experiments

小林利行,村田ひろ子, 「コロナ禍は暮らしや意識をどう変えたのか」
NHK文研放送研究と調査 2022年７月号

調査期間：2021年11月03日〜12月07日、2020年11月04日〜12月07日

調査：「感染が拡大する前と比べて、ストレスが増えたか」
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The stress level follows after the COVID-19 
case number strongestly in 4 months.Analyzed on COVID-19 related tweets.
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https://www.nhk.or.jp/bunken/research/yoron/20220701_5.html

