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Figure 1. Lasso&RidgeD&xiE l, (Tibshirani, 1996755 A)
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2l 1 : The Retrospective Cohort Study of the Effects of Donor KIR genotype on

the reactivation of cytomegalovirus after myeloablative allogeneic hematopoietic
stem cell transplant (Sobecks et al., 2011)

551 2 : National Child Development Survey (Power & Elliott, 2006)
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Figure 2. S4l1ZFBV\THELZOR, RR (quasi-MLE) , RR (Ridge regression)
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