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Optimal Transport: A Natural Geometry for Probability Distributions

4+ Several objects of interest are represented as distributions 4+ Optimal transport (OT) + Entropy partial transport (EPT): unbalanced OT on a tree [2]
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Sobolev Transport: A Scalable Variant of OT for Measures on a Graph

4+ OT for measures supported on a graph metric space 4+ Sobolev transport (ST) for probability measures on a graph [3] 4+ Entropy partial transport on a graph
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4+ Graph metric: length of shortest path between nodes on graph 4+ Assumptions: 4+ Unbalanced Sobolev Transport [4]'
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Experimental Results

4+ Balanced setting: for probability measures on a graph (having the same mass) 4+ Unbalanced setting: for measures on a graph and having different total mass
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